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ABSTRACT
In this paper, we argue that China’s P2P lending is influenced by the behavioural
factors of P2P platforms. This is because severe information asymmetry results in high
uncertainty surrounding China’s P2P lending industry. Specifically, we examine three
behavioural aspects of P2P lending: lending sentiments, herding, and speculation.
Using a sample of 918 P2P platforms from October 2015-September 2019, we docu-
ment that positive P2Pnews release in themedia (sentiments) encourages P2P lending;
P2P platforms herd on their peers in making lending decisions; and P2P lending con-
tains speculative elements and is driven by real estate bubbles. Moreover, we find
that these behavioural effects are less profound if P2P platforms adopt a fund cus-
tody mechanism in which commercial banks provide custodian services for investor
funds used for P2P lending. This result suggests that behavioural factors are more
important in explaining P2P lending when information asymmetry is more severe. We
obtain these results by controlling for other usual factors that can explain P2P lend-
ing, including characteristics of P2P platforms, macroeconomic variables, and other
variables reflecting features of P2P operating environment. Our results suggest that
regulators should monitor risk management of P2P platforms and reduce asymmetric
information faced by participants in China’s P2P lending market.
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1. Introduction

The Chinese P2P lending industry has been experiencing a crisis recently. Fraudulent P2P lending cases have
been exposed by the media since 2015. In 2016 one-third of China’s P2P lending platforms were ‘problematic’
(Leng 2016).1 TheChinese Banking Regulatory Commission (CBRC) statistics also shows that about 40% of P2P
lending platforms in Chinawere in fact Ponzi schemes in 2016. In response to the crisis, the Chinese government
has taken a series of measures to clean up the P2P market since later 2015, which aims to curtail small and
medium-sized lending platforms.2

Unlike conventionalmeans of financing, P2P platforms directly connect investors and borrowers through the
internet. In mature market economies (hereafter MMEs), P2P platforms mainly function as financial services
providers who offer information on borrowers and potential investment projects. They are not financial inter-
mediaries and their financial accounts are separated from that of their clients. However, a striking difference
between Chinese P2P lending platforms and their counterparts in MMEs is that many Chinese P2P platforms
themselves directly initiate loans to borrowers and raise funds from investors, i.e. they do not focus on provid-
ing financial services, instead, they are directly engaged in financing and lending activities (Huang 2018). In this
context, the conventional principal-agent problem (Stiglitz 1974) between investors and borrowers becomes the
principal-multiple agents problem. On the one hand, investors are the principal of borrowers. Investors have
little information about the creditworthiness of borrowers and they mainly rely on P2P platforms to obtain such
information. On the other hand, investors are also the principal of P2P platforms that directly raise and man-
age funds on behalf of investors. Therefore, the relationship between investors and P2P platforms in China is

CONTACT Hong Bo hb22@soas.ac.uk; Shuai Shao 655991@soas.ac.uk

© 2021 The Author(s). Published by Informa UK Limited, trading as Taylor & Francis Group
This is an Open Access article distributed under the terms of the Creative Commons Attribution-NonCommercial-NoDerivatives License (http://creativecommons.
org/licenses/by-nc-nd/4.0/), which permits non-commercial re-use, distribution, and reproduction in any medium, provided the original work is properly cited, and is
not altered, transformed, or built upon in any way.

http://www.tandfonline.com
https://crossmark.crossref.org/dialog/?doi=10.1080/1351847X.2021.1880459&domain=pdf&date_stamp=2022-04-06
mailto:hb22@soas.ac.uk;
mailto:655991@soas.ac.uk
http://creativecommons.org/licenses/by-nc-nd/4.0/


THE EUROPEAN JOURNAL OF FINANCE 31

more complicated than that in MMEs. Due to information asymmetry, investors are not able to judge the qual-
ity of P2P platforms, hence moral hazard and adverse selection behaviour of P2P managers will hurt investors’
interest. In addition to the relation between investors and P2P platforms, information asymmetry also exists
between P2P firms and borrowers. In this relationship, P2P platforms are not able to distinguish between good
and bad-quality borrowers. Hence one would also observemoral hazard and adverse selection behaviour of bor-
rowers. This suggests that P2P firms face risks of not being able to get loans back. Obviously, there should be
strong mechanisms to guarantee that P2P platforms do not deviate from the interest of their investors, and that
borrowers are capable to repay loans. In MMEs, these mechanisms are in place in the form of laws and regu-
lations on P2P lending, government guarantee schemes, independent third-party credit evaluation institutions,
and sophisticated credit information systems. However, formal regulations on P2P online lending were absent
in China before 2015. In addition, unlike MMEs where P2P fund suppliers are often institutional investors, P2P
capital providers in China aremostly individual investors who seek short-term capital gains. Consequently, both
P2P platforms and their investors have strong intention to use the P2P online lending market as a speculative
investment tool (Yoon, Li, and Feng 2019). On the demand side, P2P borrowers are very risky in China. They
are often privately-owned small and medium-sized enterprises (SMEs) and individual consumers who are not
able to obtain funds from sources of formal financing. In addition, Chinese national credit information system
is still underdeveloped, when carrying out due diligence, P2P lending platforms in China have to rely on their
own small-scale individual credit assessment and risk control mechanisms. Moreover, risks embedded in Chi-
nese P2P borrowers are reinforced by higher interest rates charged by P2P lenders, especially privately-owned
P2P platforms (Lo et al. 2020). In sum, ‘P2P platforms comprise one of the riskiest and least regulated slices of
the shadow banking system in China’ (Bloomberg, 2 January 2019).

Due to severe information asymmetry and the lack of regulations, both P2P investors and P2P platforms
in China face high uncertainty when making investment and lending decisions. P2P platforms face risks of
borrowers’ default, and investors cannot effectively monitor P2P platforms. High uncertainty aggravates moral
hazard and adverse selection problems of P2P platforms in relation to their investors. Under such circumstances,
one would expect that P2P lending decisions would be heavily influenced by behavioural factors of P2P firms’
managers who make lending decisions. If this is the case, then we would observe that China’s P2P lending is
responsive to behavioural factors, such as lending sentiments, herding, and speculation.

Against this background, in this paper we examine behavioural factors explaining P2P lending in China
based on a sample of 918 P2P platforms during October 2015-September 2019. Our research is timely for the
ongoing reshuffling of China’s P2P lending industry. Given that the debate about China’s P2P lending has been
surrounding risks it has brought about to the Chinese financial system, the overarching objective of reshuffling
China’s P2P industry is to reduce risks embedded in P2P lending. Considering that these risks are likely to be
resulted from behavioural factors in making P2P lending decisions, we ask the following research question: to
what extent can China’s P2P lending be explained by behavioural factors of P2P platforms?

We contribute to the literature in the following aspects: Firstly, we use the most updated data on China’s
P2P lending platforms during October 2015-Septmber 2019. China’s P2P platforms operating in this period
are subject to formal regulations, hence information released by P2P platforms in this period should be more
reliable, which makes our sample P2P platforms more representative of China’s P2P industry. Secondly, we
consider different aspects of P2P lenders’ behaviour in one single study, including lending sentiments, herding,
and speculation. This allows us to have a comprehensive understanding about different types of behavioural
factors affecting P2P lending in China. We are not aware of any existing studies that examine more than one
behavioural factors regarding China’s P2P lending in a single study.

The paper is structured as follows: in Section 2we review related literatures. Section 3 contains data, empirical
models and measurement of variables. Section 4 discusses empirical results. Section 5 concludes.

2. Literature review

Existing studies on P2P online lending based onMMEs mostly focus on the conflict between investors and bor-
rowers, which is underpinned by the asymmetry information theory (Akerlof 1970; Stiglitz and Weiss 1981).
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The central argument concerns that the degree of information asymmetry is higher for P2P lending as com-
pared to traditional financial intermediaries, such as banks. This is because financial intermediaries can provide
research, evaluative, and monitoring services more efficiently than individual investors in the market (King and
Levine 1993). P2P lenders are less able than formal financial intermediaries to invest in systematic mechanisms
in collecting information and monitoring borrowers. Therefore, information asymmetry becomes more severe
for P2P lending. This explains why many existing researches on P2P lending based on P2P platforms in MMEs
focus on how to reduce borrowers’ risks faced by both investors and P2P platforms. More specifically, there
are three sub-streams of research on borrower’s creditability in the standard literature. Firstly, some studies
examine how demographic characteristics of borrowers affect P2P lending (e.g. Herzenstein et al. 2008). Sec-
ondly, some scholars emphasise the role of borrowers’ social connections in P2P lending (e.g. Lin, Prabhala, and
Viswanathan 2013; Lu et al. 2020). Thirdly, some studies specifically focus on credit scores of borrowers (e.g.
Duarte, Siegel, and Young 2012; Emekter et al. 2015). In sum, the standard literature on P2P lending in MMEs
has paid dominating attention to the creditworthiness of P2P borrowers.

Existing literature on China’s P2P lending is very thin. Overall, the focus of very few researches is different
from that based on P2P lending platforms inMMEs. The central research question regarding China’s P2P lend-
ing is the extent to which P2P platforms are trustworthy to their investors. Huang (2018) points out that the
business model of Chinese P2P lending platforms is different from that inMMEs in which the ‘client segregated
account model’ is adopted. In that model, P2P platforms are services providers, they facilitate P2P transactions,
but they are not a part of the transaction. However, in the Chinese P2P lending industry, themost popularmodel
before 2016 is the ‘platform lender model’ (Huang 2018). In this model, P2P platforms are directly involved in
transactions. They originate loans to borrowers and manage a pool of funds on behalf of investors through a
collective investment scheme.

The above-mentioned business model of China’s P2P lending industry suggests that moral hazard and
adverse selection problems are very serious in China’s P2P lending industry. This explains why many P2P
platforms in China are in fact Ponzi schemes (see the introduction). Therefore, among very few studies on
Chinese P2P lending, scholars have paid great attention to P2P platforms themselves rather than borrow-
ers. More specifically, studies mainly focus on P2P platforms’ characteristics that may make P2P platforms
more trustworthy. For example, Lan, Hua, and Liu (2018) document the importance of social capital owned
by P2P platforms for their survival. They measure P2P platforms’ social capital by online posts on its web-
site and online communication activities of the P2P platform. Yang et al. (2017) use data from a survey of
358 Chinese P2P platforms in 2016 and find that investors’ trust on the P2P platform enhances their inten-
tion to invest in the P2P platform repeatedly. In addition, Li and Yang (2019) examine whether ownership
background of P2P platforms affect P2P transaction volume. They find that P2P firms owned by venture cap-
italists, state-owned enterprises (SOEs), listed companies, and banks would lend more than privately-owned
P2P firms because private ones are riskier as perceived by investors and borrowers. Jiang et al. (2019) also docu-
ment that SOE-affiliated P2P platforms in China survive better during market downturns and they have higher
trading volumes, attract more investors, and offer lower interest rates as compared to non-SOE-affiliated P2P
platforms.

Given that moral hazard and adverse selection problems are more severe in China’s P2P industry, one can
conjecture that P2P platforms (lenders) are more likely to take risks and speculate in making lending decisions.
Yoon, Li, and Feng (2019) provide indirect evidence that China’s P2P lending market is speculative in the sense
that more revenue from the gambling industry is positively associated with higher default risk of P2P platforms.
More recently, Allen et al. (2019) study another element of China’s shadow banking system: entrusted loans.
They document that about half of nonaffiliated entrusted loans flew into the Chinese real estate industry and
these loans are more likely to have problematic performance ex post. Because China’s real estate industry has
accumulated a lot of bubbles over the years and there were regulations that restrict financing of the formal
banking sector from lending to the real estate industry, the result provided by Allen et al. (2019) can be seen
as evidence that lenders of nonaffiliated entrusted loans have been chasing higher returns in the Chinese real
estate industry. If this is the case, then we would expect that China’s P2P lenders behave similarly to lenders of
nonaffiliated entrusted loans. In fact, it is very likely that P2P lenders overlap lenders of nonaffiliated entrusted
loans in China.
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When making decisions facing severe information asymmetry and high uncertainty, economy agents intend
to herd on other people’s decisions, hence the localised conformity of behaviour can be observed (Bikhchandani,
Hirshleifer, and Welch 1992). There are a few studies documenting herding behaviour in P2P lending based on
P2Pplatforms inMMEs. For example,Herzenstein,Dholakia, andAndrews (2011) document herding behaviour
among Prosper’s lenders. They find that lenders are likely to bid in the presence of more existing bids, which
results in that a loan application that has already received lending offers is more likely to attract more offers.
Zhang and Liu (2012) provide evidence of rational herding among Prosper’s lenders and document that lenders
do not only mimic peers’ lending decisions, but also make use of publicly observable borrowers’ characteristics
in making their own decisions, hence it is ‘rational herding’. Lee and Lee (2012) examine a large sample of P2P
daily transactions and provide strong evidence of P2P lenders’ herding behaviour in Korea. Recently, studies on
herding bahaviour based on Chinese P2P platforms have emerged. For example, Caglayan, Talavera, and Zhang
(2019) investigate investors’ bidding bahaviour based on transactions data from RenRenDai during October
2010-October 2018. They document that investors herd in bidding in the sense that they prefer projects that
had already attracted strong interests in previous periods. Moreover, the authors find that investors who are
active in the platform only for a short duration of the bidding process and more experienced investors are more
likely to herd. In another study, Jiang et al. (2018) argue that automatic bidding can reduce investors’ herding
behaviour as compared to manual bidding. Using transactions data from PaiPaiDai in 2015, they document
that automatic bidding weakens investors’ herding behaviour. Moreover, automatic bidding produces a rational
herding because the outcomes of automatic bidding are very similar to the observed pattern of loan amount and
loan period.

Apart from herding behaviour, lending decisions are also often influenced by P2P lenders’ perception of the
industry. A recently growing literature has shown that measures from various aspects of newspaper articles and
other textual sources are documented to have power in explaining stock market returns. According to Shiller
(2000) investors follow the printed word even though much of it is pure hype, suggesting that market sentiment
is driven by news content. Along this line of argument, Calomiris andMamaysky (2018) use the aggregate news
at a monthly horizon from the Thomson Reuters Machine Readable News Archive to derive measures of word
flow as news measures. They find that these news measures have predictive powers in explaining stock market
risks and returns. Moreover, Garcia (2013) constructs investor sentiment from media contents by counting the
number of positive and negative words from two financial columns published in the New York Times. The
author finds that positive words embodied in the news help predict stock returns. Moreover, this news effect is
more profound during economic recessions. In sum, the above-mentioned studies justify that it is meaningful
to derive a measure of lending sentiments from news contents. In the empirical analysis of this paper, we use
positive P2P news release to derive a measure of lending sentiments and examine whether it affects P2P online
lending in China.

3. Empirical design

3.1. Data

The data on P2P platforms used in the empirical analysis of this paper is taken from China P2P lending dataset
compiled by the Home of online lending (Wangdaizhijia). Wangdaizhijia was established in October 2011 as
China’s first authoritative P2P online lending portal. It contains original data of all P2P platforms in China. The
data, reports, and opinions published by Wangdaizhijia are often regarded as most influential in the Chinese
online lending industry. Apart from information on P2P platforms, macro-and industrial-level data are taken
from theWIND database, which is produced by China’s leading financial data service provider WIND.WIND
database is internationally recognised, and it has been widely used in academic research on China. We select
the sample period fromOctober 2015-September 2019 because this is the period during which the Chinese P2P
lending industry is officially regulated. Before late 2015, there were no explicit regulations on P2P platforms in
China (Huang 2018). Therefore, P2P lending platforms in this period are closer to their counterparts in MMEs
and they are mostly in line with future development of China’s P2P lending industry. We started from 1041 P2P
platforms during the sample period.We excluded 123 P2P platforms that either have zero turnovers, or that have
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extreme values in other variables. We ended up with 918 P2P platforms for which we have monthly information
during October 2015-September 2019, which forms an unbalanced pane dataset.

3.2. Empirical models, measurement of variables, and descriptive statistics

We use the following fixed effect panel data model3 to explain total lending volume of P2P platforms during the
sample period.

volumei,t = β0 + β1 sizei,t−1 + β2 agei,t−1 + β3 investori,t−1 + β4 borroweri,t−1

+ β5 durationi,t−1 + β6 interesti,t−1 + β7 growthi,t−1 + β8 crediti,t−1

+ β9 interneti,t−1 + β10 volatilityi,t−1 + β11 behaviouri,t−1 + fi + ft + εi,t (1)

In model (1) the dependent variable is P2P lending (volume) which is measured by the natural logarithm of
totalmonthly lending volume of the P2P firm. P2P lending is related to profitability of the P2P platform since the
firm’s revenue is proportional to its lending. Our key independent variable in model (1) is ‘behaviour’. It stands
for three behavioural aspects of P2P lending, i.e. lending sentiments, herding, and speculation, respectively. We
explain how to construct the proxy for these behavioural aspects (‘behaviour’) in the next paragraph. In model
(1), fi and ft are firm effects and time effects, respectively. βi represents regression coefficients, i represents P2P
platforms, t represents time (months), and ε is the residual.

We are interested in three aspects of P2P lenders’ behaviour. Firstly, lending sentiments (news1). It captures
P2P lenders’ overall perception of the P2P industry in response to positive P2P news release in the media. We
manually collect news titles published in the news column of the website of Home of Online Lending (Wang-
daizhijia). We define positive news as that either the news title explicitly contains positive words about P2P
or the title’s tone is positive about P2P, we then count the number of pieces of positive news within a month.
We denote this measure as ‘news1’. This measure of positive news can be justified by the literature. For exam-
ple, Garcia (2013) constructs investor sentiment from media contents by counting the number of positive and
negative words from two financial columns published in the New York Times. The author finds that positive
words embodied in the news help predict stock returns. We stress that the news column of Home of Online
Lending (Wangdaizhijia) is specific on the P2P industry and they mostly report on recent events in this industry
both locally and nationwide. Given server information asymmetry and high uncertainty in China’s P2P lending
industry, we believe that P2P lenders would be very sensitive to the related news.

The second behavioural aspect we examine in the paper concerns herding behaviour of P2P platforms
(lenders). Although herding behaviour has been documented for P2P lenders outside China (e.g. Herzenstein,
Dholakia, and Andrews 2011), we are not aware of any evidence of herding in Chinese P2P online lending. In
this paper, herding refers to the situation in which P2P platforms mimic lending decisions of their peers. We
define peers of a P2P platform as other P2P platforms in the same province in which the P2P platform operates.
If a P2P platform herds, then we should observe that this P2P firm’s lending will be driven by lending decisions
of its peers. If this is the case, then the lending volume of this P2P platform can be explained by the average
lending volume of its peers. Therefore, we use the natural logarithm of the monthly average lending volume of
other P2P firms in the same province (excluding the P2P firm of concern) as a proxy for herding (herd1).

The third behavioural aspectwe examine in this paper is the speculative element ofChina’s P2P lending.More
specifically, we use the price inflation of the provincial commercial property market as a proxy for speculation
(speculation1). Given that China’s real estate market is perhaps the most representative industry that reflects
bubbles in the Chinese economy, if P2P lenders are speculative, then we would expect to see that P2P lending
should be associated with the price inflation of commercial properties in the province in which the P2P platform
operates. Therefore, from theWIND database we collectmonthly information on total sales and total sold area of
commercial properties in the province. We then compute the ex post monthly unit selling price, based on which
we calculate the monthly growth rate of selling price of commercial properties in the province (speculation1).

Apart from the above-mentioned key independent variables, we control for usual factors documented in the
existing literature that can explain P2P lending.We classify control variables in model (1) into two groups: char-
acteristics of P2P platforms and macro-level variables. P2P platform-level variables include: (1) P2P size (size),
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which is measured by the natural logarithm of the registration capital of the P2P platform. (2) P2P age (age),
which is measured by the natural logarithm of the number of months since the P2P firm started operation in the
online lending industry. The longer a P2P platform has been operating in the business, the more likely the firm
has established a larger client network. But if P2P firms are speculative, then they do not have strong incentives
to invest in risk management mechanisms, they may only survive for a short-term due to fierce competition.
(3) Number of investors (investor), which is measured by the natural logarithm of total number of investors
who have made at least one investment via this online lending platform. Total number of investors is relevant
because it indicates the supply of funds available for P2P lending. (4) Number of borrowers (borrower), which is
measured by the natural logarithm of total number of borrowers who have borrowed at least once from the P2P
platform. Total number of borrowers is an indicator of the demand for P2P lending. (5) Loan duration (dura-
tion). We use average loan duration to proxy for the length of outstanding loans. The platform reports its daily
average loan duration across loans.We calculate the average of daily average loan duration over amonth. (6) P2P
interest rate (interest). It is the average of the P2P lending platform’s ’s daily interest rate over a month. The P2P
platform reports its daily interest rate which is the weighted average interest rate across loans. P2P interest rate
carries two pieces of information. It is the rate of return for P2P lending, meanwhile it is the cost of borrowing
for borrowers.

We also consider the followingmacro-level factors as control variables: (1) Economic growth (growth), which
is measured by GDP growth rate. Macroeconomic performance should be a fundamental driver for the growth
of the P2P lending industry. Because there is no monthly data on GDP growth, we use the quarterly growth rate
of GDP for the correspondingmonth, the data is taken fromWIND. (2) Total new credit (credit), which is mea-
sured by the ratio of total new credit to GDP in the same period. Total new credit refers to total amount of new
loans issued by banks and financial institutions in amonth. Total new credit matters for the scale of P2P lending.
This is because liquidity in the financial system affects both the demand for and supply of P2P financing through
either the availability of liquidity or the changes in the interest rate in the financial system. Information on total
new credit is taken from WIND. (3) Internet penetration (internet), which is measured by the ratio of popu-
lation who has access to the internet to total population in the same period. We collect the number of internet
users in each month, and then scale it by total population in the corresponding month. The data is taken from
WIND. The internet is the infrastructure for P2P transactions. (4) Stock market volatility (volatility). We use
domestic stock market volatility as a proxy for uncertainty embedded in the Chinese financial system. Partici-
pants in the P2P lending market should be responsive to financial market volatilities. More specifically, we first
compute monthly variance of the Shanghai composite index and the Shenzhen composite index, respectively,
and then we take the average of monthly variances of the two stock markets. The data is taken fromWIND.

Table 1 summarises descriptive statistics of the variables used in the empirical analysis. Table 2 shows corre-
lation coefficients. An average P2P platform in our sample has more investors than borrowers. The mean value
of the logarithm of total number of investors is 7.718 (median 7.583), whereas the mean value of the log of
total number of borrowers is 5.372 (median 4.878). The mean of the logarithm of loan duration is 1.329, which
indicates that P2P online lending platforms mainly lend money for a short period. On average, over the sample
period, the median number of positive news on P2P in a month is 5 (news1) and positive P2P news appeared in
over half of months (53.3%) covered by the sample period.

4. Empirical results

4.1. Main test on thewhole sample

Table 3 presents the results of estimating the empirical model (1) for the whole sample. Columns (1)–(3) in
Table 3 refer to the estimation in which a specificmeasure of behavioural variable is used separately, and column
(4) reports the results when all measures of behavioural variables are included in the estimation.

We first discuss the results regarding the behavioural variables. Overall, the estimated coefficients for indi-
cators of behaviroural variables are all positively significant in Table 3, which suggests that China’s P2P lending
is indeed influenced by behavioural factors related to P2P lending platforms. More specifically, we observe that
(a) P2P lending responds positively to positive news about the P2P industry (news1). We interpret this result as
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Variable Obs. Mean Medium SD Min Max

volume 17008 8.349 8.286 1.783 2.950 12.790
Size 17008 35.230 34.000 15.490 1.000 143.000
Age 17008 8.442 8.517 1.030 4.700 12.660
investor 17008 7.718 7.583 2.014 0.000 15.070
borrower 17008 5.372 4.828 2.345 0.000 15.330
duration 17008 1.329 1.290 0.756 0.000 4.709
interest 17008 0.093 0.092 0.036 0.000 0.727
growth 17008 6.745 6.800 0.180 6.200 6.900
Credit 17008 6.961 6.006 3.713 1.833 17.070
internet 17008 10.450 10.500 0.206 9.956 10.710
volatility 17008 5.467 5.420 0.510 4.546 6.965
news1 17008 6.194 5 7.609 0 38
news2 17008 0.533 1.000 0.499 0.000 1.000
herd1 17008 9.764 9.797 0.278 7.709 10.080
herd2 17008 9.426 9.779 1.031 3.839 12.540
speculation1 17008 1.042 0.440 4.570 −29.640 28.910
speculation2 17008 0.195 0.170 0.431 −0.975 2.962

This table presents summary statistics for variables used in the empirical analysis of this
paper. The sample covers 918P2Pplatforms inChinaduringOctober 2015-September
2019. Definitions of variables and their respective data sources are in the Appendix.

that P2P lenders show a stronger lending sentiment in response to more positive news on P2P. It is important to
mention that this sentiment effect may also be reflected by other participants in the P2P lending market, includ-
ing investors and borrowers. However, after controlling for both the supply side (investor) and the demand side
(borrower) effects (see the empirical model (1)), we believe that the estimated coefficient regarding the variable
‘news1’ should carry lending sentiments of P2P platforms. (b) Lending volume of a specific P2P platform is
positively explained by lending volume of its peers. Column (2) of Table 3 shows that the estimated coefficient
for the average lending volume of other P2P platforms in the same province (excluding the P2P firm of concern)
(herd1) is highly and positively significant. This result suggests that herding behaviour is an important feature of
China’s P2P lending. This result is consistent with the literature on herding behaviour in P2P lenders in MMEs
(e.g. Herzenstein, Dholakia, and Andrews 2011). (c) P2P lending is positively explained by the price inflation
of commercial properties in the province (speculation1). This suggests that China’s P2P lending is likely to be
driven by bubbles in the real estate market. This result is consistent with Allen et al. (2019) who document that
more than half of China’s nonaffiliated entrusted loans, another element of the Chinese shadow banking system,
flew into China’s real estate industry. According to Allen et al. (2019), this is because Chinese formal financing
channels are restricted from investing in the real estate market, hence some investment in the real estate indus-
try had to be financed by shadow banking activities. In the empirical analysis of this paper, we consider this
financing effect by controlling for total new credit (credit) in formal financing channels in the estimation. After
controlling for liquidity from formal financing channels, we believe that the estimated coefficient for the price
inflation of commercial properties (speculation1) can be seen as the evidence of speculation of P2P lending.
China’s real estate market is the most representative industry that reflects bubbles in the Chinese economy. The
qualitative nature of the above-mentioned results remains in column (4)when three different behavioural factors
are considered in the same estimation.

Regarding control variables in Table 3, we observe that (a) the estimated coefficient for P2P firm size (size)
is insignificant. (b) the estimated coefficient for P2P firm age (age) is negatively significant in explaining P2P
lending. This suggests that the longer the P2P firm has been operating in the industry, the less lending the firm
makes. This result may be explained by the notion that many P2P platforms that entered into China’s P2P lend-
ing market at earlier stages were less sustainable, and they have gradually disappeared from the market after
late 2015 as the result of the government’s cleaning up of this market. (c) the estimated coefficient for the num-
ber of investors (investor) is highly and positively significant. More investors imply stronger supply of funds,
which supports P2P lending. (d) the estimated coefficient for the number of borrowers (borrower) is highly
and positively significant, confirming the demand effect. (e) the estimated coefficient for average loan dura-
tion (duration) is not significant. (f) the estimated coefficient for P2P interest rate (interest rate) is positively
significant, which suggests that high lending interest rates do not deter demand for P2P lending.
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Table 2. Correlation analysis.

Volume Size Age Investor Borrower Duration Interest Growth Credit Internet Volatility news1 news2 herd1 herd2 speculation1

Volume 1
Size 0.2328∗∗∗ 1
age 0.3721∗∗∗ 0.0823∗∗∗ 1
investor 0.8879∗∗∗ 0.2834∗∗∗ 0.3550∗∗∗ 1
borrower 0.7127∗∗∗ 0.3381∗∗∗ 0.2773∗∗∗ 0.7717∗∗∗ 1
duration 0.5279∗∗∗ 0.2813∗∗∗ 0.2620∗∗∗ 0.5489∗∗∗ 0.5286∗∗∗ 1
interest 0.1067∗∗∗ −0.0555∗∗∗ −0.0315∗∗∗ 0.2250∗∗∗ 0.1982∗∗∗ 0.1396∗∗∗ 1
growth 0.0936∗∗∗ −0.3107∗∗∗ 0.0285∗∗∗ 0.0518∗∗∗ −0.0510∗∗∗ −0.015∗ 0.1597∗∗∗ 1
credit 0.1443∗∗∗ −0.0185∗∗∗ 0.0168∗∗∗ 0.0955∗∗∗ 0.0750∗∗∗ 0.0632∗∗∗ 0.0260∗∗∗ 0.5784∗∗∗ 1
internet 0.1704∗∗∗ −0.0900∗∗∗ 0.0211∗∗∗ 0.1168∗∗∗ 0.0616∗∗∗ 0.0576∗∗∗ 0.0511∗∗∗ 0.6515∗∗∗ 0.8178∗∗∗ 1
volatility −0.0435∗∗∗ −0.0924∗∗∗ −0.00110 −0.0165∗∗∗ −0.0451∗∗∗ −0.0383∗∗∗ 0.0563∗∗∗ −0.1613∗∗∗ −0.3857∗∗∗ −0.2607∗∗∗ 1
news1 0.002 0.0743∗∗∗ 0.0013 −0.0049 0.0274∗∗∗ 0.0230∗∗∗ −0.0192∗∗∗ 0.0610∗∗∗ 0.1342∗∗∗ −0.0733∗∗∗ −0.2229∗∗∗ 1
news2 0.0270∗∗∗ −0.0893∗∗∗ 0.00630 0.00790 −0.0141 −0.0100 0.0306∗∗∗ 0.1843∗∗∗ 0.3640∗∗∗ 0.1949∗∗∗ −0.0745∗∗∗ 0.7778∗∗∗ 1
herd1 0.4362∗∗∗ 0.1033∗∗∗ 0.1012∗∗∗ 0.3684∗∗∗ 0.2966∗∗∗ 0.2651∗∗∗ 0.0153∗∗∗ 0.1730∗∗∗ 0.3849∗∗∗ 0.4754∗∗∗ −0.0997∗∗∗ −0.035∗ 0.0339∗∗∗ 1
herd2 0.5854∗∗∗ 0.0971∗∗∗ 0.2045∗∗∗ 0.5147∗∗∗ 0.3962∗∗∗ 0.3801∗∗∗ 0.0400∗∗∗ 0.1144∗∗∗ 0.1666∗∗∗ 0.2073∗∗∗ −0.0413∗∗∗ 0.0019 0.0224∗∗∗ 0.5114∗∗∗ 1
speculation1 0.0198∗∗∗ −0.0117 0.00860 0.0224∗∗∗ 0.00230 0.00170 −0.00940 −0.0261∗∗∗ −0.0711∗∗∗ −0.0403∗∗∗ 0.0602∗∗∗ −0.047∗ −0.0316∗∗∗ 0.00750 0.0326∗∗∗ 1
speculation2 0.0111 0.00410 0.0180∗∗ 0.0113 0.0102 0.0141∗ 0.0006 0.0254∗∗∗ 0.0531∗∗∗ 0.0989∗∗∗ 0.1033∗∗∗ 0.0435∗ 0.1845∗∗∗ 0.0553∗∗∗ 0.0096 0.0103

This table presents correlation coefficients for variables used in the empirical analysis of this paper. The sample covers 918 P2P platforms in China during October 2015-September 2019. Definitions of variables and their respective data sources are in the
Appendix. ∗ , ∗∗ , ∗∗∗ , represent significance at the 10%, 5%, and 1% levels, respectively.
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Table 3. Impact of behavioural factors on P2P lending: main test on the whole sample.

news1 herd1 speculation1 ALL

(1) (2) (3) (4)

sizet−1 0.175 0.187 0.187 0.167
(1.53) (1.62) (1.62) (1.47)

aget−1 −0.016∗∗∗ −0.016∗∗∗ −0.016∗∗∗ −0.016∗∗∗
(−22.52) (−22.06) (−22.08) (−21.42)

investort−1 0.387∗∗∗ 0.362∗∗∗ 0.362∗∗∗ 0.372∗∗∗
(46.22) (43.10) (43.89) (44.24)

borrowert−1 0.125∗∗∗ 0.114∗∗∗ 0.114∗∗∗ 0.119∗∗∗
(19.42) (17.55) (17.74) (18.48)

durationt−1 0.012 0.016 0.016 −0.002
(0.91) (1.15) (1.19) (−0.11)

interestt−1 1.740∗∗∗ 0.807∗∗∗ 0.804∗∗∗ 1.764∗∗∗
(6.00) (2.84) (2.84) (6.12)

growtht−1 0.211∗∗∗ 0.479∗∗∗ 0.476∗∗∗ 0.285∗∗∗
(4.06) (9.54) (9.59) (5.60)

creditt−1 0.001 0.006∗∗ 0.006∗∗ 0.005∗
(0.18) (2.19) (2.33) (1.70)

internett−1 0.470∗∗∗ 0.099∗ 0.103∗∗ 0.245∗∗∗
(8.66) (1.90) (2.13) (4.56)

volatilityt−1 −0.066∗∗∗ −0.109∗∗∗ −0.110∗∗∗ −0.054∗∗∗
(−5.86) (−9.82) (−9.89) (−4.78)

news1t−1 0.003∗∗∗ 0.069∗∗∗
(3.55) (6.12)
0.001∗∗∗ 0.019∗∗∗

herd1t−1 0.009∗∗∗ 0.522∗∗∗
(3.29) (12.33)
0.002∗∗∗ 0.081∗∗∗

speculation1t−1 0.003∗∗∗ 0.003∗∗∗
(2.65) (2.64)
0.001∗∗∗ 0.001∗∗∗

cons −2.014∗ 0.244 0.304 −5.113∗∗∗
(−1.81) (0.22) (0.27) (−4.53)

N 15394 15394 15394 15394
R-squared 0.338 0.325 0.326 0.346
Adj-R-squared 0.299 0.285 0.286 0.307
F 665.0 636.9 637.9 583.4

This table presents the results of estimating the empirical model (1) based on the whole
sample in which P2P lending is explained by measures of behaviour variables (news1,
herd1, and speculation1). Other relevant factors are controlled. Definitions of variables
and their respective data sources are in the Appendix. ∗ , ∗∗ , ∗∗∗ , represent significance
at the 10%, 5%, and 1% levels, respectively. Standardised coefficients are displayed in
bold numbers.

Regarding macro-level factors, the results show that (a) GDP growth (growth) positively explains the scale
of P2P lending, which is logical. Strong overall economic performance increases the demand for financing from
P2P lending on the one hand, and on the other it also increases the supply of capital available for P2P lending. (b)
The estimated coefficient for total new credit (credit) is positively significant in columns (2)–(4), which suggests
that when total new credit is higher in formal financing channels, P2P lending is also higher. This result can be
explained by a few possibilities. First, P2P borrowers in China do not have access to formal financing channels
to the extent they wish. If they do have sufficient access to formal financing, then when there is more liquidity
available in formal financing channels, the demand for P2P financing should be lower. We find the opposite.
Second, the overall interest rate may become lower when liquidity in formal financing channels is higher. Lower
overall interest rate in the financial system provides downward pressure on interest rates charged by P2P lending,
which might attract more borrowers to the P2P market. Third, there may be a liquidity leakage from formal
financing channels to P2P lending. This refers to that when liquidity in formal financing channels is high, some
funds will be leaked to informal financing channels, such as P2P lending. For example, some P2P platforms
are set up as subordinates of SOEs. These SOEs can obtain cheaper loans from formal financing channels due
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to their connections with the government, they then use these borrowings to invest in P2P lending to seek for
higher capital gains.4 Yao, Gu, and Cao (2019) claim that there exists a ‘leakage effect’ between SOEs and private
equity (PE) investment in China. They argue that when the government controls the interest rate and/or the
credit allocation, SOEs obtain funds from banks by the officially controlled interest rate. They then ‘relend’ their
credits to PEs in the ‘black’ market. (c) The estimated coefficient for the internet accessibility (internet) is also
highly and positively significant. The internet is the infrastructure for participants to carry out P2P transactions.
(d) the estimated coefficient for stock market volatility (volatility) is negatively significant. This suggests that
uncertainties embedded in the Chinese financial system not only discourage the supply of funds from investors
but also reduce demand for P2P lending from borrowers due to weak real economic activities.

4.2. Robustness tests on thewhole sample

We conduct a set of robustness tests based on the whole sample by constructing alternative measures for
behavioural aspects of P2P lenders. Firstly, we replace the variable news1 by news2. The variable news2 is a
dummy variable, which takes the value of one if there appears to be positive news on P2P in this month, other-
wise it is zero. Similar to the construction of the variable news1, we define positive news as that either the news
title explicitly contains positive words about P2P or the title’s tone is positive about P2P. Therefore, the difference
between news1 and news2 is that news1 is a count variable, whereas news2 is a dummy variable. Secondly, we
construct an alternative measure of herding. In the main test shown in Table 3, when constructing the proxy for
herding (herd1), we define peers of a P2P platform as other P2P platforms in the same province in which the
P2P platform operates. Here in the robustness test, we define the peers of a P2P platform as other P2P platforms
in the P2P industry (nationwide). Considering that we do not have information on the entire population of P2P
platforms in the whole industry, we use the available P2P platforms in our sample. More specifically, we use the
nature logarithm of the monthly average lending volume of other P2P platforms in our sample (excluding the
P2P platform of concern) as the proxy for herding (herd2). Thirdly, regarding the proxy for speculation, in the
main test shown in Table 3, we use the monthly growth rate of selling price of commercial properties in the
province (speculation1). Here in the robustness test we use the monthly growth rate of total investment in the
real estate industry (speculation2) as an alternative measure.

Table 4 displays the results of estimating empirical model (1) by using alternative measures of behavioural
variables. As we can see from Table 4, the qualitative conclusion regarding these behavioural variables clearly
confirms what we obtained in Table 3. In addition, the estimated results regarding control variables are also
consistent with the results for these variables shown in Table 3.

In summary, both Tables 3 and 4 provide evidence that P2P lending in China is influenced by different
behavioural aspects of P2P platforms, including lending sentiments, herding, and speculation. The results on
these behavioural aspects are robust across different ways of constructing proxies for behavioural factors. These
results are obtained by controlling for other usual factors documented in the literature that can explain P2P
lending.

4.3. Further tests based on split samples

We argue that information asymmetry is severe in China between P2P platforms and borrowers on the one
hand, and between P2P platforms and investors on the other. Both types of asymmetric information problems
would enhance the likelihood that P2Pplatforms’ lending decisions are influenced by behavioural factors, such as
lending sentiments, herding, and speculation. These behavioural aspects should be more important in explain-
ing P2P lending when the degree of information asymmetry is larger between P2P platforms and investors. In
this case, the adverse selection and moral hazard problems of P2P platforms are more severe, which leads to
stronger influence of behavioural factors. In this section, we conduct another set of robustness test by using
subsamples. More specifically, we split the sample by whether the P2P platform has adopted a fund custody
mechanism. Since 2016 Chinese P2P regulations have been encouraging P2P platforms to adopt a fund custody
mechanism. In response, some P2P platforms have signed agreements with commercial banks that are willing
to provide custodian services for investor funds used for P2P lending transactions. Obviously, the adoption of a
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Table 4. Impact of behavioural factors on P2P lending: robustness test on the whole
sample.

news2 herd2 speculation2 ALL

(1) (2) (3) (4)

sizet−1 0.174 0.178 0.199∗ 0.168
(1.52) (1.55) (1.73) (1.49)

aget−1 −0.016∗∗∗ −0.016∗∗∗ −0.016∗∗∗ −0.016∗∗∗
(−21.51) (−21.44) (−22.75) (−22.24)

investort−1 0.387∗∗∗ 0.346∗∗∗ 0.365∗∗∗ 0.368∗∗∗
(46.24) (40.47) (44.47) (43.31)

borrowert−1 0.125∗∗∗ 0.107∗∗∗ 0.113∗∗∗ 0.117∗∗∗
(19.38) (16.38) (17.70) (18.08)

durationt−1 0.013 0.003 0.018 −0.012
(0.96) (0.19) (1.31) (−0.90)

interestt−1 1.717∗∗∗ 0.816∗∗∗ 0.714∗∗ 1.786∗∗∗
(5.93) (2.86) (2.53) (6.19)

growtht−1 0.268∗∗∗ 0.488∗∗∗ 0.396∗∗∗ 0.0540
(5.25) (9.73) (7.96) (1.03)

creditt−1 0.002 0.006∗∗ 0.004 0.003
(0.81) (2.25) (1.56) (1.00)

internett−1 0.446∗∗∗ 0.017 0.198∗∗∗ 0.532∗∗∗
(8.66) (0.33) (4.08) (9.61)

volatilityt−1 −0.060∗∗∗ −0.107∗∗∗ −0.128∗∗∗ −0.077∗∗∗
(−5.25) (−9.58) (−11.49) (−6.82)

news2t−1 0.062∗∗∗ 0.041∗∗∗
(5.48) (3.77)
0.017∗∗∗ 0.011∗∗∗

herd2t−1 0.102∗∗∗ 0.177∗∗∗
(7.98) (13.47)
0.058∗∗∗ 0.108∗∗∗

speculation2t−1 0.153∗∗∗ 0.182∗∗∗
(13.03) (15.45)
0.390∗∗∗ 0.464∗∗∗

cons −2.194∗∗ 0.404 −0.117 −2.891∗∗∗
(−1.98) (0.36) (−0.11) (−2.63)

N 15394 15394 15394 15394
R-squared 0.339 0.326 0.333 0.354
Adj-R-squared 0.299 0.285 0.294 0.315
F 667.4 626.2 659.8 592.6

This table presents the results of estimating the empirical model (1) based on the
whole sample in which P2P lending is explained by alternative measures of behaviour
variables (news2, herd2, and speculation2). Other relevant factors are controlled. Def-
initions of variables and their respective data sources are in the Appendix. ∗ , ∗∗ ,
∗∗∗ , represent significance at the 10%, 5%, and 1% levels, respectively. Standardised
coefficients are displayed in bold numbers.

fund custody mechanism can reduce adverse selection and moral hazard problems between investors and P2P
platforms. This is because in a fund custody mechanism commercial banks function as a monitor of P2P plat-
forms on behalf of investors, which reduces the degree of asymmetric information between investors and P2P
platforms. Therefore, it disincentivizes P2P platforms to take irresponsible or risky projects. This suggests that
lending decisions made by P2P platforms that have a fund custody mechanism in place should be influenced
by behavioural factors to a less extent as compared to P2P platform that have not applied a fund custody mech-
anism. Therefore, we split the whole sample into P2P platforms that have adopted a fund custody mechanism
versus P2P platforms that have not. We estimate the empirical model (1) for the two subsamples. The results are
reported in Table 5 for P2P platforms with a fund custody mechanism and Table 6 for P2P platforms without a
fund custody mechanism, respectively. For expositional purposes, we report the estimation results of using two
alternative measures of behavioural variables in one table for each subsample.

Comparing Table 5 with Table 6, we observe that the results concerning control variables are very consistent
with each other and they are in line with the results on these variables shown in both Tables 3 and 4. However,
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Table 5. Impact of behavioural factors on P2P lending: P2P platforms with a fund custody mechanism.

news1 herd1 speculation1 ALL1 news2 herd2 speculation2 ALL2

sizet−1 0.001 0.001 0.001 0.001 0.001 0.001 0.001 0.001
(0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001)

aget−1 −0.038∗∗∗ −0.038∗∗∗ −0.038∗∗∗ −0.038∗∗∗ −0.038∗∗∗ −0.038∗∗∗ −0.038∗∗∗ −0.038∗∗∗
(−13.63) (−13.96) (−13.90) (−13.64) (−13.79) (−13.76) (−14.15) (−13.91)

investort−1 0.399∗∗∗ 0.407∗∗∗ 0.399∗∗∗ 0.408∗∗∗ 0.398∗∗∗ 0.386∗∗∗ 0.401∗∗∗ 0.388∗∗∗
(13.52) (13.46) (13.49) (13.44) (13.48) (12.99) (13.70) (13.17)

borrowert−1 0.131∗∗∗ 0.132∗∗∗ 0.131∗∗∗ 0.132∗∗∗ 0.131∗∗∗ 0.128∗∗∗ 0.128∗∗∗ 0.124∗∗∗
(6.74) (6.78) (6.70) (6.73) (6.73) (6.56) (6.62) (6.43)

durationt−1 0.061∗ 0.062∗ 0.059∗ 0.060∗ 0.061∗ 0.0500 0.063∗ 0.0510
(1.71) (1.74) (1.65) (1.67) (1.73) (1.40) (1.78) (1.45)

interestt−1 5.586∗∗∗ 5.797∗∗∗ 5.548∗∗∗ 5.786∗∗∗ 5.530∗∗∗ 5.178∗∗∗ 5.425∗∗∗ 5.042∗∗∗
(4.29) (4.42) (4.26) (4.40) (4.24) (3.97) (4.20) (3.89)

growtht−1 0.815∗∗∗ 0.740∗∗∗ 0.802∗∗∗ 0.749∗∗∗ 0.821∗∗∗ 0.872∗∗∗ 0.721∗∗∗ 0.781∗∗∗
(3.70) (3.29) (3.65) (3.31) (3.70) (3.97) (3.30) (3.51)

creditt−1 0.015 0.017∗ 0.017 0.016 0.018∗ 0.016 0.018∗ 0.016
(1.41) (1.65) (1.62) (1.50) (1.69) (1.52) (1.72) (1.46)

internett−1 0.786∗∗∗ 0.954∗∗∗ 0.822∗∗∗ 0.924∗∗∗ 0.834∗∗∗ 0.655∗∗∗ 0.905∗∗∗ 0.731∗∗∗
(3.55) (4.05) (3.87) (3.74) (3.90) (2.98) (4.27) (3.32)

volatilityt−1 −0.253∗∗∗ −0.245∗∗∗ −0.250∗∗∗ −0.247∗∗∗ −0.247∗∗∗ −0.253∗∗∗ −0.271∗∗∗ −0.276∗∗∗
(−5.82) (−5.66) (−5.79) (−5.66) (−5.66) (−5.89) (−6.28) (−6.32)

news1t−1 0.002 0.001
(0.55) (0.41)

herd1t−1 0.162 0.155
(1.30) (1.24)

speculation1t−1 0.001 0.001
(0.37) (0.33)

news2t−1 0.024 0.011
(0.53) (0.24)

herd2t−1 0.160∗∗∗ 0.163∗∗∗
(2.75) (2.83)
0.093∗∗∗ 0.095∗∗∗

speculation2t−1 0.181∗∗∗ 0.185∗∗∗
(3.76) (3.79)
0.044∗∗∗ 0.045∗∗∗

cons −5.476∗∗ −5.211∗∗ −5.760∗∗∗ −5.021∗∗ −6.028∗∗∗ −5.949∗∗∗ −5.928∗∗∗ −6.001∗∗∗
(−2.53) (−2.43) (−2.74) (−2.29) (−2.79) (−2.84) (−2.84) (−2.81)

N 876 876 876 876 876 876 876 876
R-squared 0.526 0.527 0.526 0.527 0.526 0.53 0.534 0.538
Adj-R-squared 0.498 0.498 0.497 0.497 0.498 0.502 0.506 0.509
F 91.56 91.85 91.52 76.41 91.55 93.08 94.47 79.97

This table presents the results of estimating the empirical model (1) for the subsample of P2P firms that have adopted a fund custodymechanism.
P2P lending is explained bymeasures of behaviour variables after controlling for other relevant factors. Definitions of variables and their respec-
tive data sources are in the Appendix. ∗ , ∗∗ , ∗∗∗ , represent significance at the 10%, 5%, and 1% levels, respectively. Standardised coefficients are
displayed in bold numbers.

differences do exist in the results regarding behaviroual variables between Tables 5 and 6. More specifically, we
observe that (a) the estimated coefficients for both news1 and news2 are not significant for P2P firms that have
adopted a fund custody mechanism in Table 5, whereas they are positively significant for P2P firms that have
not in Table 6. (b) Although the estimated coefficient for herd2 is positively significant for both subsamples, the
estimated coefficient for herd1 is not significant for P2P firms that have adopted a fund custody mechanism in
Table 5, whereas it is positively significant for P2P firms that have not in Table 6. (c) Although the estimated coef-
ficient for speculation2 is positively significant for both subsamples, the estimated coefficient for speculation1
is not significant for P2P firms that have adopted a fund custody mechanism (Table 5), whereas it is positively
significant for P2P firms that have not adopted a fund custody mechanism (Table 6). The above-mentioned dif-
ferences regarding results concerning behavioural factors suggest that P2P lending undertaken by P2P platforms
that have not adopted a fund custody mechanism are more likely to be influenced by behaviroual factors than
their counterparts. This may be explained by that in P2P platforms that have not adopted a fund custody mech-
anism, investors suffer more from adverse selection and moral hazard problems, consequently P2P platforms
are more likely to be irresponsible and risk-taking.
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Table 6. Impact of behavioural factors on P2P lending: P2P platforms without a fund custody mechanism.

news1 herd1 speculation1 ALL1 news2 herd2 speculation2 ALL2

sizet−1 0.153 0.153 0.153 0.154 0.154 0.146 0.164 0.157
(1.33) (1.33) (1.33) (1.34) (1.34) (1.27) (1.44) (1.38)

aget−1 −0.014∗∗∗ −0.014∗∗∗ −0.014∗∗∗ −0.014∗∗∗ −0.014∗∗∗ −0.014∗∗∗ −0.015∗∗∗ −0.014∗∗∗
(−19.05) (−19.14) (−19.16) (−19.07) (−18.65) (−18.42) (−19.80) (−18.74)

investort−1 0.360∗∗∗ 0.359∗∗∗ 0.360∗∗∗ 0.359∗∗∗ 0.359∗∗∗ 0.347∗∗∗ 0.362∗∗∗ 0.349∗∗∗
(42.00) (41.24) (42.01) (41.20) (41.96) (39.72) (42.53) (40.13)

borrowert−1 0.114∗∗∗ 0.113∗∗∗ 0.114∗∗∗ 0.113∗∗∗ 0.113∗∗∗ 0.108∗∗∗ 0.113∗∗∗ 0.107∗∗∗
(16.70) (16.53) (16.75) (16.57) (16.65) (15.77) (16.76) (15.77)

durationt−1 0.014 0.014 0.014 0.014 0.014 −0.002 0.016 0.001
(0.99) (0.99) (0.99) (0.98) (1.00) (−0.11) (1.13) (0.02)

interestt−1 0.400 0.394 0.387 0.379 0.380 0.322 0.306 0.216
(1.38) (1.35) (1.33) (1.30) (1.31) (1.11) (1.06) (0.75)

growtht−1 0.476∗∗∗ 0.483∗∗∗ 0.478∗∗∗ 0.477∗∗∗ 0.498∗∗∗ 0.483∗∗∗ 0.399∗∗∗ 0.414∗∗∗
(9.27) (9.39) (9.41) (9.17) (9.75) (9.53) (7.84) (8.09)

creditt−1 0.006∗∗ 0.007∗∗ 0.007∗∗∗ 0.007∗∗ 0.004 0.007∗∗∗ 0.005∗ 0.004
(2.40) (2.53) (2.69) (2.53) (1.33) (2.63) (1.92) (1.36)

internett−1 0.068 0.053 0.060 0.060 0.082∗ −0.004 0.155∗∗∗ 0.098∗
(1.32) (0.99) (1.21) (1.07) (1.65) (−0.07) (3.12) (1.93)

volatilityt−1 −0.100∗∗∗ −0.101∗∗∗ −0.101∗∗∗ −0.101∗∗∗ −0.093∗∗∗ −0.103∗∗∗ −0.119∗∗∗ −0.117∗∗∗
(−8.67) (−8.80) (−8.87) (−8.74) (−7.99) (−8.99) (−10.39) (−10.03)

news1t−1 0.001∗∗∗ 0.001∗∗∗
(3.38) (3.46)
0.001∗∗∗ 0.001∗∗∗

herd1t−1 0.015∗∗∗ 0.010∗∗∗
(4.46) (4.34)
0.004∗∗∗ 0.002∗∗∗

speculation1t−1 0.003∗∗∗ 0.003∗∗∗
(3.04) (3.05)
0.009∗∗∗ 0.009∗∗∗

news2t−1 0.040∗∗∗ 0.021∗
(3.42) (1.80)
0.011∗∗∗ 0.006∗

herd2t−1 0.185∗∗∗ 0.186∗∗∗
(7.43) (7.53)
0.145∗∗∗ 0.145∗∗∗

speculation2t−1 0.151∗∗∗ 0.149∗∗∗
(12.49) (12.29)
0.036∗∗∗ 0.035∗∗∗

cons 0.800 0.797 0.881 0.790 0.461 0.905 0.452 0.314
(0.72) (0.71) (0.79) (0.71) (0.41) (0.82) (0.41) (0.28)

N 14518 14518 14518 14518 14518 14518 14518 14518
R-squared 0.316 0.316 0.316 0.316 0.316 0.319 0.323 0.326
Adj-R-squared 0.275 0.275 0.275 0.275 0.275 0.278 0.283 0.286
F 574.5 574.5 575.7 487.1 576.0 581.8 595.2 510.5

This table presents the results of estimating the empirical model (1) for the subsample of P2P firms that have not adopted a fund custody mech-
anism. P2P lending is explained by measures of behaviour variables after controlling for other relevant factors. Definitions of variables and
their respective data sources are in the Appendix. ∗ , ∗∗ , ∗∗∗ , represent significance at the 10%, 5%, and 1% levels, respectively. Standardised
coefficients are displayed in bold numbers.

In summary, the subsample results not only support the results we obtained based on the whole sample
regarding how behaviroural factors affect P2P lending, but also suggest that the influence of these behaviroural
factors is more profound when information asymmetry between investors and P2P platforms is more severe.

5. Discussions and conclusions

An important feature of Chinese P2P lending industry concerns information asymmetry and lack of regula-
tions before 2015. Under information asymmetry and high uncertainty, adverse selection and moral hazard
problems would become more severe, which results in more risk-taking behaviour of P2P lending platforms.
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Consequently, their lending decisions would be more likely to be influenced by behavioural factors, such as
lending sentiments, herding, and speculation.

We provide evidence that China’s P2P lendingmarket is significantly influenced by behavioural factors of P2P
platforms. Moreover, the behavioural effect becomes more profound if the asymmetric information problem is
more serious between investors and P2P platforms. Our study suggests that policymakers should focus on how
to reduce asymmetric information faced by participants in China’s P2P lending market. This could be done by
developing a reliable credit evaluation system in China on the borrowers’ side, and on the side of P2P platforms
by setting upmore restrictive regulations on risk management mechanisms, such as the compulsory application
of a fund custodianmechanism. In addition, somemeasures should be taken to strengthen corporate governance
of P2P platforms.

Notes

1. According to the Home of Online Lending, an organisation that compiles P2P data in China, ‘problematic’ or ‘troubled’ P2P
platforms are the ones that have difficulty paying off investors, have been investigated by national economic crime investigation
department, or whose owners have run away with investors’ money.

2. For example, in 2015, the central bank issued guidance on promoting healthy development of internet finance. In August 2016,
the Chinese Banking Regulatory Commission (CBRC) issued ‘Interim Measures for the Administration of the Business Activ-
ities of Online Lending Information Intermediary Institutions’. In June 2017, China issued regulations on internet financial
information disclosure, and a series of notices on special rectification, capitalmanagement rectification, compliance supervision,
and self-regulatory inspection.

3. We include a few macro-level variables in the empirical model. The monthly observation of these variables is the same for all
cross-section units (P2P platforms). This makes the GMM estimation procedure difficult to implement. Therefore, we use a
panel data fixed effect model. We use the lagged-one observations of explanatory variables to consider the endogeneity issue.

4. Although this is a plausible explanation, it appears to be very difficult to formally test it due to data restrictions.
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Appendix: Definitions of variables and data sources

Notation Variable Measurement of variables Data source

volume P2P lending volume natural logarithm of total lending volume of the
P2P platform

Home of Online Lending
(Wangdaizhijia)

size P2P size natural logarithm of the registration capital of the
P2P platform

Home of Online Lending
(Wangdaizhijia)

age P2P age number of months since the P2P firm started
operation in the online lending industry

Home of Online Lending
(Wangdaizhijia)

investor Number of investors natural logarithm of total number of investors who
have made at least one investment via the P2P
platform

Home of Online Lending
(Wangdaizhijia)

borrower Number of borrowers natural logarithm of total number of borrowers
who have borrowed at least once from the P2P
platform

Home of Online Lending
(Wangdaizhijia)

duration Loan duration average loan duration of the P2P platform Home of Online Lending
(Wangdaizhijia)

interest P2P interest rate average of daily interest rate over a moth of the
P2P firm

Home of Online Lending
(Wangdaizhijia)

growth Economic growth GDP growth rate WIND
credit Total new credit ratio of total new credit to GDP in the month. New

credit refers to total amount of new loans issued
by banks and financial institutions in a month

WIND

internet Internet penetration the ratio of population who has access to the
internet to total population in the same month

WIND

volatility Stock market volatility average of the monthly variances of Shanghai
composite index and the Shenzhen component
index

WIND

News1 Number of positive news release
on P2P

number of positive news on P2P in a month Home of Online Lending
(Wangdaizhijia)

News2 Whether there is positive news on
P2P

A dummy variable which takes the value of one
if there is a positive news release in the month
regarding P2P, otherwise it is zero

Home of Online Lending
(Wangdaizhijia)

Herd1 Herd on peers in the same province The natural logarithm of the average lending
volume of other P2P firms in the same province
(excluding the P2P firm of concern) in themonth

Home of Online Lending
(Wangdaizhijia)

Herd2 Herd on peers in the P2P industry The nature logarithm of the average lending
volume of other P2P firms in our sample
(excluding the P2P firm of concern) in themonth

Home of Online Lending
(Wangdaizhijia)

Speculation1 The price inflation of the real estate
market

The monthly growth rate of the selling price of the
provincial commercial housing

WIND

Speculation2 Growth rate of total investment in
the real estate industry

The monthly growth rate of total investment in the
real estate industry

WIND

Fund custody Whether the P2P uses a fund
custody mechanism

A dummy variable which takes the value of one
if the P2P platform adopts a fund custody
mechanism, otherwise, it is zero.

Home of Online Lending
(Wangdaizhijia)
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